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* Internet objects ® Objects in the real world

® 72% correct ® 30 % correct




OpenSesame (legacy backend)

|1 = BASKET

|2 = CANDLE ’ %

{3 = MOBILE PHONE

|4 = PILLOW
{5 = PLATE
216 = T-SHIRT
|7 = RUBBISH BIN
{8 = UMBRELLA
|9 = VASE

|0 = WATCH
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FREE-NAMING NINE CATEGORIES OF EVERYDAY OBJECTS/
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\\; HUMAN / MACHINE AGREEMENT ON MCQ-NAMING -
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CASE STUDY 2: EXPLAINABLE Al AND AUTISM DIAGNOSIS

Softmax Classifier

100
20

Decoder Encoder . Top 1000 connections
Decoder Encoder chosen by SVM-RFE
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®* ABIDE fMRI data set (resting state of
100s of ASD and NT controls).

® Train network through five-fold cross-

validation
® Best-in-class accuracy

® Explainable decisions...

Model Accuracy (%)
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EXPLAINABLE Al: REGIONS DRIVING DECISION

Motor FUNCHIONS e <&l ' Somatosensory

Attention

Area 39,40
Angular gyrus/
Supramarginal gyrus

Wernicke'’s
Area

— \/isual
Functions

Broca’s Area

Auditory
Cortex
Legends:

O Common regions among CCS, CPAC, D Common regions among CCS and CPAC
DPARSF
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//>> ® Data collection underway...




Conjunction Fallacy

®* Chat GP:I'

® Less so...
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OUT NOW!
https:/ /www.frontiersin.org /journals/psychology /articles/10.33
89 /fpsyg.2026.1782184

/)

Human




Aly,

anuel
e Rowland,

on, Sam Montero-
Al reasoning bic ndez.

Emmanuel Pothos.

- _Voﬁm:faﬁmq Zahra




	Slide 1: Explorations in  human-centered ai
	Slide 2: Explorations in  human-centered ai
	Slide 3
	Slide 4
	Slide 5
	Slide 6: Explorations in human-centred AI
	Slide 7: Explorations in human-centred AI
	Slide 8: Case study 1: everyday object recognition
	Slide 9: More specifically?
	Slide 10: A more defensible answer
	Slide 11: Barbu et al. (2019)
	Slide 12: How good are people?
	Slide 13: Free-naming nine categories of everyday objects
	Slide 14: Free-naming nine categories of everyday objects
	Slide 15: MCQ-NAMING, allowing model fine-tuning
	Slide 16: Human / Machine agreement on MCQ-naming 
	Slide 17: CASE study 2:  explainable AI and autism diagnosis
	Slide 18: PROCESS
	Slide 19: Explainable AI: Regions driving decision
	Slide 20: What next?  #1 - community diagnosis
	Slide 21: What NEXT? #2 – reasoning fallacies
	Slide 22: Dramatis personae

